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A¥ 348 374 data preprocessing, model creating,
model training, test flow feature extraction, flow
classification® 1t}

Data preprocessing< &8 dlo]E <l flow datag VQ-
VAER o] ZgtslA Wslsle B oz flow data:s
flow statistics®} service class label® U3 o]x|=H],
flow statistics= data scale® standardizedlA] x=,
service class label ont-hot encodingg 3|4 y= A}
Riain=

Model creatings =49 F+2E& AAsa, %73}t
v EAFFE Aoste Aot V& =i (5] F
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networks AJA3}al, 1 AFo]d vector quantizer layer
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codebook®] weight®] %7]3%k2 standard uniform or
normal distribution® 474 3t}

B =Fo A AA% VQ-VAE network: input dataS!
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vectorE¥d FEFE= AYE vuEA 7 AR
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3= %2 VQ-VAEZF 7HA A

Model training@Alol A=, 4% epoch¥HF train x
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Test flow feature extraction©AllA+E, model?
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55 BT FE3.
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